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Image Pixels Enhancing Technique for IRFPA
Based on DSP + FPGA
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(College of Electronic Engineering and Opto-electronic Technique,
Nanjing University of Science and Technology, Nanjing 210094, China)

Abstract: In the pgoer, the cgpability of the uncooled themal maging system is discussed The primary reaon af-
fecting the integrated capability of themal systean and the basic method of increasing the cgpability are analysed The
basic principle and the realizing method of the original dummy electronic micro scanning technique are introduced
The useful infomation for infrared image of the far snall target is zco0med out The real-time image processing is en-
gaged in by usingDSP + FPGA structure Reaults show that the dummy electric micro-scanning technique is propi-
tious 0 recognize target, and the effect iswell
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Fig 2 aming of the far snall target
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