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Abstract ; Neural network technology is used to recognize PCM code of homing guidance weapon,and this can validate

the method of decoding. Firstly, through building linear neural network and train network using two mode, that are size

priority and quantity priority of train vector,the generation time of next laser pulse was forecasting. The result of simu-

lation showed the PCM code can be recognized correctly if 2. 3 periodic times was offered , and laser pulse whipping on

the time axis couldn’t affect the precision of forecasting. This indicated that neural network technology can decode la-

ser pulse code,and this method is suitable for engineering.

Key words: laser pulse-coded signal ;neural network ; decoding

1 5]

THT X il 7 LBk i (A SO B ) 5 i A
JEUME, CERER AR ARON BRI s I i AP RE I E
IR A5 R R KB IR OB
AL A T AL RSB AR
FORWOCE A T, T i IR B R R EOLF
EBhTHIH T, It H AT R E A RO H T 0 o
WOE 3230 3-8 A P BEA ZOR B il
ZME NI BRI 2o T 3T
il 5 2, WOt B R ffiediogs o B, AN
A RESE A A, X o e X RIE T AR

il

TSP R 2T, e AR AR LAY I T 1N
FE WG 7 TR AL,

H A, BOttE 7~ 55 R I 4 is 7 X2 1 &
ZAEAL . TH A TFHiIE B SCHR b oaT L& B, 38 ik R
FH 09 18 4% 15 4)% K J& PRF ( pulse repetition fre-
quence) 4" FEETE 20 H40 70 4G IT A BT
Sk ) B 4 ] 2 B ( PIML) . {HJC 382 PRF 145, 38
J& PIM i), 34 J2 K SO Dk wh 72 I 8] ol - 0647 81 11

TEER N EES(1981 =), 4, l-HF5E A, 322 K S OEH %
BRI T WS TAE . E-mail : chenyudan2009@ 163. com
%5 A #1:2010-06-28



%6 5 40 4b No.10 2010

WRESFEE BT P 25 RO K i 2 T i T BF 50 1077

A 5 PCM B2, H T, SR HIHH 2 R 45 161 7 i
M RF A i iE . PRI A SR, PCM il Sy 4], $DR
FH R 28 0 28 H AR KO i B 164 T3], DABA A 3K A
Ji i BARPE Sy AR S A PR A

2 EMABAEER R EL

2.1 LMEWEREHEN

LA Aol 228 0 208 2 B T B — B A 22 M %, W] LA
H— & 2 A M A oA . LM a Mk
Widrow-Hoff 2% >J # |, #K & LMS ( least mean
square ) B o ZRVERIZ N 2% T R EUE I R
4 T I T AU A R S . X
HOGH 315 5 1D R PRt JE TRREOLE 5 1Y
U ) AT, RPAR FR 8 S0 (] 5k r A SO Bk oA 5
RIFI 7 T — {55 1 Ik 2, PRt mT DL ek i 42
V8 285 A A R 2K )

PP I ZE RN E 1 s, R R R
MERZEA S AP ITTH R AN i ) i 40 H
Wi S A AUEFERE A w, BIEN b, X TP Z-HLFR
Madaline ¥ %% .

B RPEM 2 M 245

Fig. 1 the structure of linear neural network
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Fig.2 the size priority mode of train vector
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Fig.3 the quantity priority mode of train vector
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Fig.4 the flow process diagram of linear neural network decoding
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Fig. 6 laser pulse serial of PCM code and
variation trend of forecasting error
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