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Depth estimation from monocular infrared images
based on SVM model

XI Lin,SUN Shao-yuan, LI Lin-na,ZOU Fang-yu
(College of Information Science and Technology ,DongHua University , Shanghai 201620, China)

Abstract: A depth estimation algorithm from monocular infrared image based on nonlinear learning model is proposed
in this paper. Firstly,some features corresponding to the depth of infrared image are extracted using stepwise regres-
sion and ICA. Secondly,based on the nonlinear SVM model with kernel function,we regress and train the depth fea-
tures of infrared image using supervised learning method. During the training process,the model parameters are fixed
by calculating MMSE from regression analysis of the known data. Finally ,we get the depth estimation model which can
estimate the depth distribution of monocular infrared image. The experimental results show that most of the depth esti-
mated by the model is consistent with the original depth information of infrared image.
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Fig. 1 algorithm flow chart
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Fig.3 source infrared image and its depth map
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