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Comparison of similarity measurement and optimization
methods in 2D/3D image registration
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Abstract ; In surgical guide treatment,2D/3D medical image registration can provide the precise position of patient for
surgeon. Accurate registration involves many aspects,such as similarity measurements and optimization methods. In or-
der to investigate the influence of similarity measurements and optimization methods on 2D/3D image registration, a
comparison of six similarity measurements in combination with four optimization methods is performed using the public
and available porcine skull phantom datasets from Medical University Vienna. Comparison is performed for the regis-
tration results based on success rate ,the number of iterations and execution time. The results show that the most accu-
racy registration is obtained by pattern intensity combined with Powell. Furthermore , the best 2D/3D registration re-
sults are obtained by Powell search strategy with fixed similarity measurement.
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