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Moving target detection based on improved

frame difference and watershed algorithm
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(1. Dept. of Control Engineering, Academy of Armored Force Engineering, Beijing 100072, China;
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Abstract ; Aiming at moving target detection in machine vision systems ,an improved algorithm for moving target detec-

tion based on frame difference algorithm is proposed. Combined with the segmentation characteristics of watershed al-

gorithm , the real target profile can be obtained by using the improved frame difference method , and this method is veri-

fied through the experiments. The results show that the dynamic targets obtained by this algorithm are closer to the ac-

tual situation. In intelligent systems,the improved algorithm is more suitable to detect moving target and eliminate

clutter.
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