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Status and prospects of target classification methods based
on hyperspectral images
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Abstract : Hyperspectral remote sensing is one of the most important research directions of remote sensing technology,
and hyperspectral image classification is a very important research content in its technical application. This paper
briefly expounds the classification process of hyperspectral image and its main problems. Four main hyperspectral im-
age classification strategies are summarized ;the new classifiers and their optimization methods in recent years are ana-
lyzed. Finally,the main difficulties in the research of hyperspectral image classification and the focus of research and
development are summarized.
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